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| compared the specs of the iPhone 6 to the note 4. Note 4 has better specs but iPhone get you bitches and thats
the best spec you can get

W 32 minutes ago *™Reply t3IRetweet vrFavorite ¢©11 more

CHRIS VOSS @chrisvoss
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Model #1: Emotions

Six Basic Emotions
Source: http://www.beinghuman.org/article/basic-emotions

Introduction

Basic emotions regulate us in response to environmental challenges and opportunities.
While there is no definitive list of basic emotions, one popular one (from emotion expert
Paul Ekman) contains six: fear, anger, sadness, disgust, surprise, and joy. These six have
been found in every culture worldwide, and have also been shown to be identifiable by
people crossculturally. This suggests that they are evolved responses rather than cultural
expressions. Looking at each emotion in turn, it’s easy to gain an understanding of their
evolutionary function:

https://textmining.cbs.dk/TextClassification/Content/guides/Guide-Model-Basic6Emotions.pdf
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Classify this! Model #1: Six Basic Emotions: User(Emotions)
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Model #2: Personality

Big 5 Personality Traits
Source: https://en.wikipedia.org/wiki/Big Five personality traits

In psychology, the Big Five personality traits are five broad domains or dimensions of
personality that are used to describe human personality. The five factors are openness,

conscientiousness, extraversion, agreeableness, and neuroticism. Acronyms commonly used
to refer to the five traits collectively are OCEAN, NEOAC, or CANOE.

The Big Five model is able to account for different traits in personality without overlapping.
Empirical research has shown that the Big Five personality traits show consistency in
interviews, self-descriptions and observations. Moreover, this five-factor structure seems to
be found across a wide range of participants of different ages and of different cultures.!

https://textmining.cbs.dk/TextClassification/Content/guides/Guide-Model-Big5PersonalityTraits.pdf
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Classify this! Model #2: Big 5 Personality: User(Personality)
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Model #3: Consumer Decision-Making Stage

Hierarchy of Effects Model
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https://textmining.cbs.dk/TextClassification/Content/guides/Guide-Model-ConsumerDecisionMakingStages.pdf .
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Classify this! Model #3: HoE: User(Consumer Psychology)
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Model #4: Brand Sentiment

Brand Parameters: Brand Sentiment
Source: https://en.wikipedia.org/wiki/Sentiment analysis

Introduction

Sentiment analysis (also known as opinion mining) refers to the use of natural language
processing, text analysis and computational linguistics to identify and extract subjective
information in source materials. Sentiment analysis is widely applied to reviews and social
media for a variety of applications, ranging from marketing to customer service.

Generally speaking, sentiment analysis aims to determine the attitude of a speaker or a writer
with respect to some topic or the overall contextual polarity of a document. The attitude may
be his or her judgment or evaluation (see appraisal theory), affective state (that is to say, the
emotional state of the author when writing), or the intended emotional communication (that is
to say, the emotional effect the author wishes to have on the reader).

Brand Sentiment Analysis
A basic task in Brand sentiment analysis 1s classifying the polarity of a given text. Your task
is to classify whether the text is positive, negative, or neutral.

https://textmining.cbs.dk/TextClassification/Content/guides/Guide-Model-BrandParameters Sentiment.pdf
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https://www.dropbox.com/s/qcz356uwfmt734w/Guide-Model-BrandParameters_Sentiment.pdf?dl=0
https://textmining.cbs.dk/TextClassification/Content/guides/Guide-Model-BrandParameters_Sentiment.pdf

Classify this! Model #4: Brand Parameters: User(Brand Sentiment)

4 SEAN KINGSTON © @seankingston
h All gold everything.. 1st with the Gold Lux iPhone 6 from brikkusa check them out!ll instagram.com/p/togWZICR8T/

W an hourago *™Reply t3Retweet vyFavorite ¢©15 more

Join at menticom | use code 7254815  Mentimeter

Model #4: Brand Parameters: User(Brand
Sentiment)

( p Start Menti )

0 0 0
Positive Negative Neutral

11



Model #5: Social Influence

Cialdini’s Six Weapons of Persuasion

http://en.wikipedia.org/wiki/Social influence

Reciprocity: People tend to return a favour.

Commitment and Consistency: People do not like to be self-contradictory.
Once they commit to an idea or behaviour, they are averse to changing their
minds without good reason

Social Proof: People will be more open to things they see others doing.
Authority: People will tend to obey authority figures

Liking: People are more easily swayed by people they like

Scarcity: A perceived limitation of resources will generate demand


http://en.wikipedia.org/wiki/Social_influence

On a scale of 1-10 how engaging is this post?

Model #5: Social Influence: User(Engagement by Others)
SEAN KINGSTON © @seankingston

: All gold everything.. 1st with the Gold Lux iPhone 6 from brikkusa check them outl!!l instagram.com/p/toqWZICR8T/
| W an hourago *™Reply t3Retweet yyFavorite ¢©15 more

Join at menticom |use code 7254815 i Mentimeter

Model #5: Social Influence: User(Engagement
by Others)

On ascale of 110 how engaging is this post?
I

Very Low Engagement
Very High Engagement

13






Domain-Specific Classifier #01: Marketing

“Heres an idea. If you like their food eat there. If you dont like their food eat somewhere else or make your own meal.

| really dont understand what the big deal is.”
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How do you rate the engagement of the text in terms of likes, shares and comments.
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Brand Emotion
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Conversation Analysis — Consumer Decision

Consumer Decision
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Domain-Specific Classifier #02: Operations Research

“Brazilian highway transport showcases a series of positive features such as flexibility, availability, and speed. However,
when compared to other modes, it bears limitations such as low productivity, low energy efficiency, and low safety indices.
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Domain-Specific Classifier #03: Public Health

“What this post is saying: Some obese people don't suffer from Type 2 Diabetes.. What this post isn't saying: Obesity
doesn't cause Type 2 Diabetes.. You can be healthy and obese.”

- - Model: Big 5 personality traits (OCEAN)
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Domain-Specific Classifiers: Public Health
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